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It ranges from 0 to 1, from bare soil to complete coverage of the vegetation.

ndsat 8, SPOT 6/7, Pléiades 1a/1b.

processing and 

ries, in case of cloud or cloud shadow

The output format for visualization of the data at late stages of 

validity (percentage of valid pixels)

ground surface covered by the 

op development and does not 

LAI when the budget is 

It ranges from 0 to 1, from bare soil to complete coverage of the vegetation.

ndsat 8, SPOT 6/7, Pléiades 1a/1b. 

processing and 

ries, in case of cloud or cloud shadow

The output format for visualization of the data at late stages of 

validity (percentage of valid pixels)

covered by the 

op development and does not 

LAI when the budget is 

It ranges from 0 to 1, from bare soil to complete coverage of the vegetation.

 

processing and 

ries, in case of cloud or cloud shadow

The output format for visualization of the data at late stages of 

validity (percentage of valid pixels)

covered by the 

op development and does not 

LAI when the budget is 

It ranges from 0 to 1, from bare soil to complete coverage of the vegetation. 

processing and 

ries, in case of cloud or cloud shadow

The output format for visualization of the data at late stages of 

validity (percentage of valid pixels) 

covered by the 

op development and does not 

LAI when the budget is 

processing and 

ries, in case of cloud or cloud shadow

The output format for visualization of the data at late stages of 

 

covered by the 

op development and does not 

LAI when the budget is 

ries, in case of cloud or cloud shadow, or 
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op development and does not 

LAI when the budget is 
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CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².
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C. CHL

1. CHL description

 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

•

•

2. CHL deliverables

ANALYTICS

DISPLAY_FULLCYCLE

STATS 

CHL

CHL description

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

• 

• 

CHL deliverables

ANALYTICS

DISPLAY_FULLCYCLE

File type

Color scale

Pixel

No data

 

File type

Values

CHL 

CHL description

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

Crops

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery

CHL deliverables

ANALYTICS

File type

Range

Pixel

Projection

No data

DISPLAY_FULLCYCLE

File type

Color scale

Pixel

No data

File type

Values

 

CHL description

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

Crops

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery

CHL deliverables

ANALYTICS 

File type

Range

Pixel

Projection

No data

DISPLAY_FULLCYCLE

File type

Color scale

Pixel size

No data

File type

Values 

CHL description

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

Crops: wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery

CHL deliverables

 

File type

Range 

Pixel size

Projection

No data

DISPLAY_FULLCYCLE

File type 

Color scale

size 

No data 

File type 

 

CHL description

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery

CHL deliverables

File type 

 

size 

Projection

No data 

DISPLAY_FULLCYCLE

Color scale 

 

CHL description 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery

CHL deliverables

 

Projection 

DISPLAY_FULLCYCLE

 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

Source imagery: Sen

CHL deliverables 

DISPLAY_FULLCYCLE 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

: Sen

The output format for visualization of the data 

PNG

[

2.5m

Transparent

A file containing

JSON

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

: Sentinel 2A/2B.

The output format for computation, post
analysis

GeoTIFF

[0

2.5m

WGS 84 / EPSG 4326

-
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

PNG

[0:1

2.5m

Transparent

A file containing

JSON

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

tinel 2A/2B.

The output format for computation, post
analysis

GeoTIFF

[0:120]

2.5m

WGS 84 / EPSG 4326

-1 (
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

PNG 

1] 

2.5m 

Transparent

A file containing

JSON 

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

tinel 2A/2B.

The output format for computation, post
analysis

GeoTIFF

120]

2.5m 

WGS 84 / EPSG 4326

1 (inside the 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

 

 

Transparent

A file containing

 

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

tinel 2A/2B.

The output format for computation, post
analysis 

GeoTIFF

120] 

 

WGS 84 / EPSG 4326

inside the 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

Transparent

A file containing

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

tinel 2A/2B. 

The output format for computation, post
 

GeoTIFF float 32

WGS 84 / EPSG 4326

inside the 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

Transparent 

A file containing

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

 

The output format for computation, post

float 32

WGS 84 / EPSG 4326

inside the boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

A file containing the

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

The output format for computation, post

float 32 

WGS 84 / EPSG 4326

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

the 

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

(µg/cm²). The concentration of chlorophyll is in 

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane.

The output format for computation, post

 

WGS 84 / EPSG 4326

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

 main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

 direct relation with leaf age, plant nutrition 

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

cotton, almonds, grass, alfalfa, sugarcane. 

The output format for computation, post

WGS 84 / EPSG 4326 

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

(N), and stress. It typically ranges from 20 to 80 µg/cm².

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

 

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

(N), and stress. It typically ranges from 20 to 80 µg/cm². 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the la

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

The output format for computation, post-processing and 

boundaries, in case of cloud 
low vegetation i.e. FCOVER <0.3, or outside

The output format for visualization of the data 

main statistics of the layer

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

boundaries, in case of cloud or cloud shadow
low vegetation i.e. FCOVER <0.3, or outside)

The output format for visualization of the data  

yer 

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

or cloud shadow
) 

 

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

or cloud shadow

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

or cloud shadow

Min, median, variance, validity (percentage of valid pixels)

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

or cloud shadow

Min, median, variance, validity (percentage of valid pixels) 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

processing and 

or cloud shadow

 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

or cloud shadow or 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 

or 

CHL (Chlorophyll) features the leaf content of chlorophyll A and B per unit area of leaves 

direct relation with leaf age, plant nutrition 

wheat, barley, corn, soybean, rapeseed, sugar beet, potatoes, rice, sunflower, 
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The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 
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STATS

D. FIELDIMAGE

1. FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

•

2. FIELDIMAGE deliverables

DISPLAY

DISPLAY_FULLCYCLE

STATS 

FIELDIMAGE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

• 

FIELDIMAGE deliverables

DISPLAY

DISPLAY_FULLCYCLE

File type

Color scale

Pixel

No data

 

File type

Values

FIELDIMAGE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

Source imagery

FIELDIMAGE deliverables

DISPLAY 

File type

Pixel

DISPLAY_FULLCYCLE

File type

Color scale

Pixel

No data

File type

Values

FIELDIMAGE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

Source imagery

FIELDIMAGE deliverables

 

File type

Pixel

DISPLAY_FULLCYCLE

File type

Color scale

Pixel size

No data

File type

Values 

FIELDIMAGE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

Source imagery

FIELDIMAGE deliverables

File type

Pixel size

DISPLAY_FULLCYCLE

File type 

Color scale

size 

No data 

File type 

 

FIELDIMAGE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

Source imagery

FIELDIMAGE deliverables

File type 

size 

DISPLAY_FULLCYCLE

Color scale 

 

FIELDIMAGE 

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery. 

Source imagery

FIELDIMAGE deliverables

 

DISPLAY_FULLCYCLE

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

same source imagery.  

Source imagery: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

FIELDIMAGE deliverables

DISPLAY_FULLCYCLE 

FIELDIMAGE description

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is

 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

FIELDIMAGE deliverables

The output format for visualization of the data 

PNG

[20

2.5m

Transparent

A file containing 

JSON

Min, median, variance, validity (percentage of valid pixels)

FIELDIMAGE description 

The FIELDIMAGE is a compressed, high resolution, view

imagery (“quicklook”). It is useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

FIELDIMAGE deliverables

The output format for visualization of the satellite image (RGB) 

JPG

2.5m

The output format for visualization of the data 

PNG

[20:

2.5m

Transparent

A file containing 

JSON

Min, median, variance, validity (percentage of valid pixels)

 

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

FIELDIMAGE deliverables 

The output format for visualization of the satellite image (RGB) 

JPG

2.5m

The output format for visualization of the data 

PNG 

:80]

2.5m 

Transparent

A file containing 

JSON 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

JPG 

2.5m 

The output format for visualization of the data 

 

80] 

 

Transparent

A file containing 

 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

 

The output format for visualization of the data 

Transparent

A file containing 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

Transparent 

A file containing 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

A file containing the 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

the 

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

the main statis

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

main statis

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

main statis

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

main statis

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

main statistics of the layer

Min, median, variance, validity (percentage of valid pixels)

The FIELDIMAGE is a compressed, high resolution, view-

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

tics of the layer

Min, median, variance, validity (percentage of valid pixels)

-only version of the satellite 

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

tics of the layer

Min, median, variance, validity (percentage of valid pixels)

only version of the satellite 

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

tics of the layer

Min, median, variance, validity (percentage of valid pixels)

only version of the satellite 

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 

The output format for visualization of the data 

tics of the layer

Min, median, variance, validity (percentage of valid pixels)

only version of the satellite 

useful to understand/check the other layers derived from the 

: Sentinel 2A/2B, Landsat 8, SPOT 6/7, Pléiades 1a/1b.

The output format for visualization of the satellite image (RGB) 
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RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, AL
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

DD 

DD 

Airbus team in our system so you 

et the list of all your packages, as well as their attributes.

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

with a valid account in our authentication system

Possible values

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, AL
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

 

 

Airbus team in our system so you 

et the list of all your packages, as well as their attributes. 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

with a valid account in our authentication system

Possible values

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

with a valid account in our authentication system.  

Possible values

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

 

Possible values

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

Possible values

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

Possible values  

SENTINEL, LANDSAT, SPOT, 

SENTINEL2A, SENTINEL2B, 
LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP 

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

SENTINEL, LANDSAT, SPOT, 

LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 

 

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

LANDSAT8, SPOT6, SPOT7, PHR1A, 

LAI, FCOVER, CHL, FIELDIMAGE 

RAPESEED, SOYBEAN, BARLEY, 
MONDS, COTTON, 

SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or furthe

LANDSAT8, SPOT6, SPOT7, PHR1A, 

MONDS, COTTON, 

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

data ordering and data retrieval, whether for display or further 

MONDS, COTTON, 

Airbus team in our system so you 

, enabling direct interaction between your platform and our 

r 

Airbus team in our system so you 
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geometry
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2. Project

A project is 

your own world

workflows

a farmer, or a field.

Attributes of a project:

•

With Verde API, you can:

•
•
•

3. Field

A field is the exact geographical footprint of a s

Attributes of a field:

Attribute

crop(s)

name

geometry

A field should be:

•
•
•
•
•

Project

A project is 

your own world

workflows

a farmer, or a field.

Attributes of a project:

• 

With Verde API, you can:

• 

• 

• 

Field

A field is the exact geographical footprint of a s

Attributes of a field:

Attribute

crop(s) 

name 

geometry

A field should be:

• 

• 

• 

• 

• 

Project

A project is 

your own world

workflows 

a farmer, or a field.

Attributes of a project:

Name.

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project.

Field 

A field is the exact geographical footprint of a s

Attributes of a field:

Attribute

 

geometry 

A field should be:

a closed polygon, in valid topology

in GeoJSON

in WGS84 projection (EPSG: 4326)

bigger than 0.4 

wider than 20m in all directions

Project 

A project is a vehicle

your own world

 as needed

a farmer, or a field.

Attributes of a project:

Name.

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project.

 

A field is the exact geographical footprint of a s

Attributes of a field:

Attribute

 

A field should be:

closed polygon, in valid topology

n GeoJSON

n WGS84 projection (EPSG: 4326)

igger than 0.4 

ider than 20m in all directions

a vehicle

your own world. The nature of a project is defined by 

as needed

a farmer, or a field.

Attributes of a project:

Name. 

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project.

A field is the exact geographical footprint of a s

Attributes of a field:

Attribute  

A field should be:

closed polygon, in valid topology

n GeoJSON

n WGS84 projection (EPSG: 4326)

igger than 0.4 

ider than 20m in all directions

a vehicle

. The nature of a project is defined by 

as needed

a farmer, or a field.

Attributes of a project:

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project.

A field is the exact geographical footprint of a s

Attributes of a field:

A field should be: 

closed polygon, in valid topology

n GeoJSON

n WGS84 projection (EPSG: 4326)

igger than 0.4 

ider than 20m in all directions

a vehicle

. The nature of a project is defined by 

as needed

a farmer, or a field. 

Attributes of a project:

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project.

A field is the exact geographical footprint of a s

Attributes of a field: 

 

Name of the field 

Extent of the seeded or 
planted area

 

closed polygon, in valid topology

n GeoJSON (

n WGS84 projection (EPSG: 4326)

igger than 0.4 

ider than 20m in all directions

a vehicle similar to a workspace

. The nature of a project is defined by 

as needed. For example

Attributes of a project: 

With Verde API, you can:

Create a project,

Get the list of all your projects, 

Delete a project. 

A field is the exact geographical footprint of a s

Name of the field 

Extent of the seeded or 
planted area

closed polygon, in valid topology

(mandatory

n WGS84 projection (EPSG: 4326)

igger than 0.4 h

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

. For example

With Verde API, you can: 

Create a project, 

Get the list of all your projects, 

 

A field is the exact geographical footprint of a s

Name of the field 

Extent of the seeded or 
planted area

closed polygon, in valid topology

mandatory

n WGS84 projection (EPSG: 4326)

hectares

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

. For example

Get the list of all your projects, 

A field is the exact geographical footprint of a s

Meaning

Name of the field 

Extent of the seeded or 
planted area

closed polygon, in valid topology

mandatory

n WGS84 projection (EPSG: 4326)

ectares

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

. For example

Get the list of all your projects, 

A field is the exact geographical footprint of a s

Meaning

Name of the field 

Extent of the seeded or 
planted area 

closed polygon, in valid topology

mandatory)

n WGS84 projection (EPSG: 4326)

ectares, and smaller than 1,500 

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

. For example

Get the list of all your projects, 

A field is the exact geographical footprint of a s

Meaning

Name of the field 

Extent of the seeded or 
 

closed polygon, in valid topology

mandatory),  

n WGS84 projection (EPSG: 4326)

, and smaller than 1,500 

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

. For example, you

Get the list of all your projects, 

A field is the exact geographical footprint of a s

Meaning

Name of the field  

Extent of the seeded or 

closed polygon, in valid topology

 

n WGS84 projection (EPSG: 4326)

, and smaller than 1,500 

ider than 20m in all directions

similar to a workspace

. The nature of a project is defined by 

you 

Get the list of all your projects,  

A field is the exact geographical footprint of a s

Meaning  

Extent of the seeded or 

closed polygon, in valid topology

n WGS84 projection (EPSG: 4326)

, and smaller than 1,500 

ider than 20m in all directions (recommended

similar to a workspace

. The nature of a project is defined by 

 decide 

A field is the exact geographical footprint of a s

Extent of the seeded or 

closed polygon, in valid topology (

n WGS84 projection (EPSG: 4326) 

, and smaller than 1,500 

recommended

similar to a workspace 

. The nature of a project is defined by 

decide 

A field is the exact geographical footprint of a s

(mandatory

 (mandatory

, and smaller than 1,500 

recommended

 enabling 

. The nature of a project is defined by 

decide if 

A field is the exact geographical footprint of a single crop

mandatory

mandatory

, and smaller than 1,500 

recommended

enabling 

. The nature of a project is defined by 

if a project i

ingle crop

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

string

Lat; long

mandatory

mandatory

, and smaller than 1,500 

recommended

enabling 

. The nature of a project is defined by you so you can

a project i

ingle crop

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

string

Lat; long

mandatory)

mandatory

, and smaller than 1,500 

recommended

enabling you 

you so you can

a project i

ingle crop 

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

string 

Lat; long

), 

mandatory), 

, and smaller than 1,500 h

recommended). 

you 

you so you can

a project is a given offer package, a dealer, 

 for a single season.

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

 

Lat; long 

 

hectares

you to translate

you so you can

s a given offer package, a dealer, 

for a single season.

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

 

ectares

to translate

you so you can

s a given offer package, a dealer, 

for a single season.

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

ectares

to translate

you so you can

s a given offer package, a dealer, 

for a single season.

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

ectares, (recommended

to translate

you so you can include Verde into 

s a given offer package, a dealer, 

for a single season.

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

recommended

to translate the

include Verde into 

s a given offer package, a dealer, 

for a single season.

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

recommended

the Verde world into 

include Verde into 

s a given offer package, a dealer, 

for a single season.

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

recommended

Verde world into 

include Verde into 

s a given offer package, a dealer, 

for a single season. 

Possible values

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP

recommended

Verde world into 

include Verde into 

s a given offer package, a dealer, 

Possible values  

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 
SUGARCANE, OTHERCROP 

recommended),

Verde world into 

include Verde into 

s a given offer package, a dealer, 

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 

 

recommended), 

Verde world into 

include Verde into 

s a given offer package, a dealer, 

RAPESEED, SOYBEAN, BARLEY, 
WHEAT, CORN, ALMONDS, COTTON, 
SUGARBEET, RICE, POTATOES, 
SUNFLOWER, ALFALFA, GRASS, 

Verde world into 

include Verde into your

s a given offer package, a dealer, 

WHEAT, CORN, ALMONDS, COTTON, 
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Verde world into 

your 

s a given offer package, a dealer, 

WHEAT, CORN, ALMONDS, COTTON, 

 

Verde world into 

 

s a given offer package, a dealer, 
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With Verde API, you can:

•
•
•

B. Use

To get data over a field, you need to

1. Subscription

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

•

•

Attributes of archive subscriptions:

•
•
•

Attributes of live subscriptions:

•
•

As a result, to get an in

•

•

With Verde API, you can:

• 

• 

• 

Use

To get data over a field, you need to

Subscription

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

• 

• 

Attributes of archive subscriptions:

• 

• 

• 

Attributes of live subscriptions:

• 

• 

As a result, to get an in

• 

• 

With Verde API, you can:

Create fields within a given project, 

Get 

Delete a field.

Use 

To get data over a field, you need to

Subscription

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY

endDate: YYYY

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

field: 

package: the package ID (and its project ID).

As a result, to get an in

a live subscription, if your monitoring period is starting the day after the subscription 

date, or later,

a live subscription and an archive subscription

season has alread

observations 

With Verde API, you can:

reate fields within a given project, 

et the list and attributes of your fields for a given project, 

elete a field.

To get data over a field, you need to

Subscription

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY

endDate: YYYY

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

field: the field ID (and its project ID) 

package: the package ID (and its project ID).

As a result, to get an in

a live subscription, if your monitoring period is starting the day after the subscription 

date, or later,

a live subscription and an archive subscription

season has alread

observations 

With Verde API, you can:

reate fields within a given project, 

the list and attributes of your fields for a given project, 

elete a field.

To get data over a field, you need to

Subscription

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY

endDate: YYYY

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

field: the field ID (and its project ID) 

package: the package ID (and its project ID).

As a result, to get an in

a live subscription, if your monitoring period is starting the day after the subscription 

date, or later,

a live subscription and an archive subscription

season has alread

observations 

With Verde API, you can:

reate fields within a given project, 

the list and attributes of your fields for a given project, 

elete a field.

To get data over a field, you need to

Subscription 

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY

endDate: YYYY

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

the field ID (and its project ID) 

package: the package ID (and its project ID).

As a result, to get an in

a live subscription, if your monitoring period is starting the day after the subscription 

date, or later,

a live subscription and an archive subscription

season has alread

observations 

With Verde API, you can:

reate fields within a given project, 

the list and attributes of your fields for a given project, 

elete a field.

To get data over a field, you need to

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY

endDate: YYYY

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

the field ID (and its project ID) 

package: the package ID (and its project ID).

As a result, to get an in

a live subscription, if your monitoring period is starting the day after the subscription 

date, or later, 

a live subscription and an archive subscription

season has alread

observations from

With Verde API, you can:

reate fields within a given project, 

the list and attributes of your fields for a given project, 

elete a field. 

To get data over a field, you need to

A subscription is the functionality to activate a given package 

can be over past images (

the subscription date (live subscription

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY-

endDate: YYYY-

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

the field ID (and its project ID) 

package: the package ID (and its project ID).

As a result, to get an in-

a live subscription, if your monitoring period is starting the day after the subscription 

 

a live subscription and an archive subscription

season has alread

from

With Verde API, you can: 

reate fields within a given project, 

the list and attributes of your fields for a given project, 

To get data over a field, you need to

A subscription is the functionality to activate a given package 

can be over past images (

ive subscription

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

startDate: YYYY-MM

-MM

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

the field ID (and its project ID) 

package: the package ID (and its project ID).

-season m

a live subscription, if your monitoring period is starting the day after the subscription 

a live subscription and an archive subscription

season has already started when you subscribe the field to the package

from the

reate fields within a given project, 

the list and attributes of your fields for a given project, 

To get data over a field, you need to

A subscription is the functionality to activate a given package 

can be over past images (archive subscription

ive subscription

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

MM-DD

MM-DD

fields: the relevant project(s), and releva

subscribed to the package

Attributes of live subscriptions:

the field ID (and its project ID) 

package: the package ID (and its project ID).

season m

a live subscription, if your monitoring period is starting the day after the subscription 

a live subscription and an archive subscription

y started when you subscribe the field to the package

the 

reate fields within a given project, 

the list and attributes of your fields for a given project, 

To get data over a field, you need to

A subscription is the functionality to activate a given package 

archive subscription

ive subscription

For archive subscriptions, each observation (intersection of an image and a field) is 

processed independently and is released in the API as soon as its individual 

production is over (production order is random). 

For live monitoring, the

(matching the package criteria) is available in the satellite image catalog.

Attributes of archive subscriptions:

DD

DD,

fields: the relevant project(s), and releva

subscribed to the package
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The Verde service uses the Overland processor, an optical image processing s

developed by Airbus to generate vegetation maps such as Leaf Area Index (LAI) or Leaf 

Chlorophyll content (CHL). Initial algorithms were developed in the early 2000's and have 

been constantly improved since that date. Overland is able to process a lar

multispectral images, covering spectral domain

airborne, UAV) and spatial resolutions.
 

The Overland processor uses techniques based on physical models, so called 'biophysical 

processing'. The SAIL 

simulating the reflectance of the crop canopy (Verhoef, 1984, Verhoef, 1985, Jacquemoud & 

Baret, 1990)

been validated on many crops

through the whole atmospheric column

performed thanks to the LOWTRAN model (Kneisys et al., 1995) completed with a dedicated 

cloud model (turbid mediu

phase function). 
 

The 

to perform inversion of this combined model through 

satellite image converted to Top of Atmosphere (TOA) radiance as inputs. Advantages of 

such an approach are discussed in (Verhoef & Bach, 2003). A detailed description of the 

Overland algorithms can be found in the Algorithm Theoretical Basis Document 

the geoland2 MERIS products (Poilvé, 2010)

resolution MERIS data (15 VNIR bands / 300 m).
 

A major Overland feature is the capability to customize the reflectance model for a given 

canopy type. For 

crop. This means (1) tuning statistics of the model parameters (used as a priori information 

in the model inversion process) in order to best fit 

specific features related to the crop and associated practices such as visible contribution of 

flower or panicles, possible fallow conditions or presence of residues before/after 

cycle, etc. Modelling crop reflectance also implies having a spec

soil. For the Verde application, such local soil signatures, characterized in dry and unshaded 

(flat soil) conditions, have been collected into a global soil database covering all cropping 

regions in the 
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information. Each sensor data is processed to the best possible resoluti

Pl

achieved by a multi

similar to a pan

Finally, all maps of the individual field plots are generated at 

independently of the source sensor, in order to provide time series that are fully stackable.
 

The Overland processor, with its built

atmospheric correction and automatic masking of thick clouds and dark shadows. A map is 

discarded from the series of observations if field plot masked area exceeds a maximum 

fraction (e.g. 30%, 

such as snow cover or
 

For Verde, this processing chain has been 

and can be triggered through API calls. The infrastructure behind the serv

designed for maximum scalability and optimal performance, as the number of

machines activated is proportional to the amount of request at a given point in time
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are currently produced independently from each satellite image. Current 

performances estimated from the different sensors are presented in

LAI performance

1 : 0.1

1 : 0.15

1 : 0.15

1 : 0.15

perfor mance

performance 

assume that 

bjective to systematically identify and discard cloudy images, some 

may result in outlier

images from different sensors are processed with the same processing chain in order 

, these sensors do not have 

derived products do

are currently produced independently from each satellite image. Current 

performances estimated from the different sensors are presented in

LAI performance

1 : 0.1-0.15 (RMS)

1 : 0.15-0.2 (RMS)

1 : 0.15-0.2 (RMS)

1 : 0.15-0.2 (RMS)

mance

performance 

assume that the

bjective to systematically identify and discard cloudy images, some 

may result in outlier

images from different sensors are processed with the same processing chain in order 

, these sensors do not have the 

derived products do not have 

are currently produced independently from each satellite image. Current 

performances estimated from the different sensors are presented in

LAI performance

0.15 (RMS)

0.2 (RMS)

0.2 (RMS)

0.2 (RMS)

mance

performance 

the declared 

bjective to systematically identify and discard cloudy images, some 

may result in outlier

images from different sensors are processed with the same processing chain in order 

the same characteristics

not have 

are currently produced independently from each satellite image. Current 

performances estimated from the different sensors are presented in 

LAI performance  

0.15 (RMS)

0.2 (RMS)

0.2 (RMS)

0.2 (RMS)

mance  

performance 

declared 

bjective to systematically identify and discard cloudy images, some 

may result in outlier

images from different sensors are processed with the same processing chain in order 

same characteristics

not have 

are currently produced independently from each satellite image. Current 

 the

0.15 (RMS)

0.2 (RMS)

0.2 (RMS)

0.2 (RMS)

performance  

declared 

bjective to systematically identify and discard cloudy images, some 

may result in outliers. Future 

images from different sensors are processed with the same processing chain in order 

same characteristics

not have 

are currently produced independently from each satellite image. Current 

the tables below

0.15 (RMS) 

0.2 (RMS) 

0.2 (RMS) 

0.2 (RMS) 

declared 

bjective to systematically identify and discard cloudy images, some 

. Future 

images from different sensors are processed with the same processing chain in order 

same characteristics

not have the 

are currently produced independently from each satellite image. Current 

tables below

 

 

 

 

declared crop

bjective to systematically identify and discard cloudy images, some 

. Future 

images from different sensors are processed with the same processing chain in order 

same characteristics

the same intrinsic 

are currently produced independently from each satellite image. Current 

tables below

crop 

bjective to systematically identify and discard cloudy images, some 

. Future developments 

images from different sensors are processed with the same processing chain in order 

same characteristics

same intrinsic 

are currently produced independently from each satellite image. Current 

tables below

 is correct

bjective to systematically identify and discard cloudy images, some 

developments 

images from different sensors are processed with the same processing chain in order 

same characteristics

same intrinsic 

are currently produced independently from each satellite image. Current 

tables below.

is correct

bjective to systematically identify and discard cloudy images, some 

developments 

images from different sensors are processed with the same processing chain in order 

same characteristics

same intrinsic 

are currently produced independently from each satellite image. Current 

. 

is correct

bjective to systematically identify and discard cloudy images, some 

developments 

images from different sensors are processed with the same processing chain in order 

same characteristics 

same intrinsic 

are currently produced independently from each satellite image. Current 

is correct. 

bjective to systematically identify and discard cloudy images, some 

developments 

images from different sensors are processed with the same processing chain in order 

 (in 

same intrinsic 

are currently produced independently from each satellite image. Current 

 

bjective to systematically identify and discard cloudy images, some 

developments 

images from different sensors are processed with the same processing chain in order 

in 

same intrinsic 

are currently produced independently from each satellite image. Current 

bjective to systematically identify and discard cloudy images, some 

developments 
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With programs like Sentinel and Landsat 

globa

complement these sources with extra revisit rate or higher resolution, depending on the use 

case 

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

achieved

the number of competing requests for SPOT

of interest, please contact 

 

 

 

                                        
8 Performance assessment has been performed during 
scattered 

•

•

•

B. Cloud

Verde performs automatic masking of thick clo

•

•

C. Image frequency

With programs like Sentinel and Landsat 

globa

complement these sources with extra revisit rate or higher resolution, depending on the use 

case 

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

achieved

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

scattered 

• 

• 

• 

Cloud

Verde performs automatic masking of thick clo

• 

• 

Image frequency

With programs like Sentinel and Landsat 

globally, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

case – 

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

achieved

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

scattered 

include systematic analysis 

outliers 

CHL

0.35 (

not 

median values 

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

are 

On

planted 

value

Cloud

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

cloud) is 

vegetation context 

Image frequency

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

 both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

achieved globally

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

scattered globally across the

include systematic analysis 

outliers 

CHL is only provided if 

0.35 (

not developed enough). 

median values 

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

are more affected than other maps)

On fields showing high heterogeneity (e.g. 

planted 

value 

Cloud masking

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

cloud) is 

vegetation context 

Image frequency

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

globally

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

globally across the

include systematic analysis 

outliers automatically 

is only provided if 

0.35 (as 

developed enough). 

median values 

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

planted 

value is 

masking

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

cloud) is 

vegetation context 

Image frequency

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

globally

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

globally across the

include systematic analysis 

automatically 

is only provided if 

as it is

developed enough). 

median values 

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

planted with two different crops)

is not 

masking

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

cloud) is insignificant

vegetation context 

Image frequency

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

globally. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

globally across the

include systematic analysis 

automatically 

is only provided if 

it is indeed

developed enough). 

median values 

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

not exploit

masking  

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

insignificant

vegetation context 

Image frequency

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

globally across the

include systematic analysis 

automatically 

is only provided if 

indeed

developed enough). 

median values refer

(i.e. not to the whole, cloud

On small or narrow field

affected by bord

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

exploit

 

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

insignificant

vegetation context 

Image frequency 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

of interest, please contact 

                                        
Performance assessment has been performed during 

globally across the

include systematic analysis 

automatically 

is only provided if 

indeed

developed enough). 

refer

(i.e. not to the whole, cloud

On small or narrow field

affected by borders and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

exploitable

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance)

The number of false detections (cloud detected by Verde while there was no actual 

insignificant

vegetation context outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

of interest, please contact Intelligence

                                                
Performance assessment has been performed during 

globally across the crop land

include systematic analysis 

automatically and provide

is only provided if 

indeed unreliable to estimate leaf chlorophyll content if green leaves are 

developed enough). 

refer only to 

(i.e. not to the whole, cloud

On small or narrow field

ers and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

able

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

global performance). 

The number of false detections (cloud detected by Verde while there was no actual 

insignificant8

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

Intelligence

        
Performance assessment has been performed during 

crop land

include systematic analysis 

and provide

is only provided if the 

unreliable to estimate leaf chlorophyll content if green leaves are 

developed enough). 

only to 

(i.e. not to the whole, cloud

On small or narrow field

ers and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

able. 

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 
8, and these few 

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

Intelligence

         
Performance assessment has been performed during 

crop land

include systematic analysis 

and provide

the 

unreliable to estimate leaf chlorophyll content if green leaves are 

developed enough). Chlorophyll maps 

only to 

(i.e. not to the whole, cloud-

On small or narrow fields, the

ers and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few 

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

Intelligence

Performance assessment has been performed during 
crop land

include systematic analysis across the 

and provide

the FCOVER

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

only to the 

-free and cloud

, the

ers and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops)

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few 

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

Intelligence

Performance assessment has been performed during 
crop lands. 

across the 

and provide

FCOVER

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

the 

free and cloud

, the provision of mean and median information may be 

ers and neighbor

native spatial resolution of the different images (

more affected than other maps)

fields showing high heterogeneity (e.g. 

with two different crops),

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few 

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

Intelligence-verde@airbus.com

Performance assessment has been performed during 
 

across the 

and provide filtered evolution profiles.

FCOVER

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

the areas

free and cloud

provision of mean and median information may be 

ers and neighboring

native spatial resolution of the different images (

more affected than other maps).

fields showing high heterogeneity (e.g. 

, the single 

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few 

outside traditional seasons for crop monitoring. 

With programs like Sentinel and Landsat providing 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT

verde@airbus.com

Performance assessment has been performed during 

across the 

filtered evolution profiles.

FCOVER 

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

areas

free and cloud

provision of mean and median information may be 

ing fields and is

native spatial resolution of the different images (

. 

fields showing high heterogeneity (e.g. 

the single 

Verde performs automatic masking of thick clo

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few 

outside traditional seasons for crop monitoring. 

providing 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

the number of competing requests for SPOT. 

verde@airbus.com

Performance assessment has been performed during 

across the 

filtered evolution profiles.

 reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

areas within the field

free and cloud

provision of mean and median information may be 

fields and is

native spatial resolution of the different images (

fields showing high heterogeneity (e.g. 

the single 

Verde performs automatic masking of thick clouds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

, and these few occurrences happen

outside traditional seasons for crop monitoring. 

providing 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

 For a more precise estimatio

verde@airbus.com

Performance assessment has been performed during 

across the full

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps 

within the field

free and cloud-shadow

provision of mean and median information may be 

fields and is

native spatial resolution of the different images (

fields showing high heterogeneity (e.g. 

the single 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

providing 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

verde@airbus.com

Performance assessment has been performed during an entire year 

full time series of analy

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

Chlorophyll maps are

within the field

shadow

provision of mean and median information may be 

fields and is

native spatial resolution of the different images (

fields showing high heterogeneity (e.g. partially planted fields

the single information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

providing free and regular coverage of the fields 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

verde@airbus.com

an entire year 

time series of analy

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

are masked

within the field

shadow

provision of mean and median information may be 

fields and is

native spatial resolution of the different images (i.e. maps produced from Landsat 

partially planted fields

information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

free and regular coverage of the fields 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

verde@airbus.com

an entire year 

time series of analy

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

masked

within the field

shadow-free 

provision of mean and median information may be 

fields and is affected differently depending on 

i.e. maps produced from Landsat 

partially planted fields

information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

free and regular coverage of the fields 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

verde@airbus.com. 

an entire year 

time series of analy

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

masked

within the field 

free 

provision of mean and median information may be 

affected differently depending on 

i.e. maps produced from Landsat 

partially planted fields

information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

free and regular coverage of the fields 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

an entire year 

time series of analy

filtered evolution profiles.

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

masked 

 that have reached such level

free field area).

provision of mean and median information may be 

affected differently depending on 

i.e. maps produced from Landsat 

partially planted fields

information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

free and regular coverage of the fields 

lly, satellite imagery has become much more available. The challenge today is to 

complement these sources with extra revisit rate or higher resolution, depending on the use 

both features that Airbus can bring thanks to its constellation of satellite

average, using Sentinel 2A/2B, Landsat 8, and SPOT 6/7, a revisit of every 5 to 10 days is 

. This performance can change locally depending on the climatology and 

or a more precise estimatio

an entire year over a sample of 200 fields 

time series of analy

filtered evolution profiles. 

reaches a minimal value that has been set to 

unreliable to estimate leaf chlorophyll content if green leaves are 

 accordingly, s

that have reached such level

field area).

provision of mean and median information may be 

affected differently depending on 

i.e. maps produced from Landsat 

partially planted fields

information of the field mean or 

uds and dark shadows. 

In 7% of the cases, thick clouds and cloud shadows are not detected

The number of false detections (cloud detected by Verde while there was no actual 

occurrences happen

outside traditional seasons for crop monitoring. 

free and regular coverage of the fields 
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Definitions

 

ANALYTICS:

 

API

communication between various systems

between the portal of a precision agriculture service p

processing chains. It allows direct and automatic communication between the two systems 

that can interact together

 

Archive subscription:

past 

 

CHL (Chlorophyll):

The concentration of chlorophyll is in direct relation with leaf age, plant nutrition (N), and 

stress

 

DISPLAY:

 

FCOVER (Green Cover Fraction):

seen from above. It is a simple characterization of the crop develo

require knowing the crop type. It is also a good backup

limited. It ranges from 0 to 1, from bare soil to complete coverage of the vegetation.

 

FIELDIMAGE

(“quicklook”). It is useful to understand/check the other layers derived from the same source 

imagery.

 

GeoJSON:

features, along with their non

 

LAI (Leaf Area Index):

meter of ground (m²/m²). It features the total developed area of green leaves (

ground area unit. It is highly correlated to biomass, allowing

development. It typically ranges from 0 to 7, and canopy closure is reached around 3.5

 

Live subscription:

future

 

N:
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